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Background on Temporal Snapshot Semantics
e The result of a temporal operator is defined by the result of its corresponding nontemporal operator applied on each snapshot
Q onduty: How many specialized workers (skill=SP) are in the company at each given time?
SELECT count () FROM works WHERE skill = ’SP’;
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\ Most approaches assume duplicate free snapshot relations (set semantics).
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Generalized Coalescing Implementation and Experi
e Ensures uniqueness of encoding e Middleware implementation based on query rewriting into standard SQL
e Merge tuples over snapshots with identical values and annotations into periods e Optimizations: pre-aggregation and elimination of coalescing steps
e Multiset coalescing: Merge tuples over snapshots with identical values and TPC-BiH (SF10 = ~ 10GB)
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